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HEURISTIC JOINT TASK OFFLOADING AND
RESOURCE ALLOCATION STRATEGY FOR MEC MULTI-SERVER

Lu Ya
( College of Artificial Intelligence and Big Data Chongqing College of Electronic Engineering Chongqing 401331 China)

Abstract Aiming at the problem of multiserver joint task unloading and resource allocation in mobile edge
computing networks this paper proposes a heuristic joint task offloading and resource allocation strategy for EMC multi—
server. The original optimization problem was expressed as a mixed integer nonlinear programming and then it was
decomposed into resource allocation( RA) optimization problem and task offloading( TO) optimal value function with
fixed task offloading decision. The RA problem was further decoupled into two independent sub-problems of uplink power
allocation and computational resource allocation and solved by quasi-eonvex and convex optimization techniques
respectively. A heuristic algorithm was proposed to solve the TO problem which could achieve the suboptimal solution of
the target problem in polynomial time. The simulation results show that compared with other optimization strategies this

strategy can achieve the optimal solution well and significantly improve the average unloading efficiency of the system.
Keywords Mobile edge computing Distributed deployment Task offloading Resource allocation
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